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Source: Rabie El Kharoua’s "Student Performance Dataset" 

(Kaggle).

● 2,392 High School Students
● Key Attributes: Demographic 

(Ethnicity, Age), Behavioral (Study 

Time, Absences), and Social 

(Parental Support, Extracurriculars) 

used to predict student's final GPA



Negative Factors For GPA:

Many Absences

Low Parental Support

Low Amount of Study Time Per Week

Preliminary Data Findings

Positive Factors For GPA:

High Amount of Study Time Per Week

High Parental Support

Tutoring

Extracurricular Activities - Participation in sports 

and music

Neutral Factors For GPA:

Volunteer Work

Age

Gender

Ethnicity



Question:

How do the standardized 
formats used to track 

extracurriculars predict a 
student's academic success?

Rather than solely focusing on GPA, 
we examine how variables like 
parental support and extracurricular 
activities shape how well a student 
will do.



The Method: We used Lindsay Poirier’s Method, applying three 

layers of analysis: Denotative, Connotative, and Deconstructive to 

find what is "missing" or  "marginalized" in the data, examining 

the politics behind. Engaging a deconstructive practice can help 

prompt us to read denotatively. We asked: How is "Parental 

Support" measured? Is it just a survey? Does this ignore the 

quality of the relationship or the reasons for low support (like a 

parent working three jobs)? 

Methodology – Poirier’s Reading Method



We utilize Colin Koopman’s Format Anatomies to help us investigate 

how the technical structure of the spreadsheet forces students into a 

rigid informational format. Rather than focusing on individual GPA 

scores, we look at the rows, columns, and categories to see how they 

anatomize a person into a digital subject. It is not just "cleaning" the 

data, it is a process and finding how the format and column header 

molds and creates a complex student into a predictable informational 

person

Methodology – Koopman’s Format Anatomies



• What does each column explicitly 

measure?

• What are the technical limits of the 

dataset?

• How are variables defined?

Denotative

GPA → Numeric average (scale 0.0 –4.0)

Study Time → Number of hours per week (ranging from 0 to 20)

Gender → Categorical variable (0=Male,1=Female)

Parental Education → Highest completed level

Extracurricular Activities →Participation (No = 0, Yes = 1)



• Are there any relevant missing 

variables?

• What experiences are erased?

• What categories are oversimplified?

Deconstructive

Missing Variables:

• Mental health

• Economic instability

• Caregiving responsibilities

• Disability accommodations

• Language barriers



• What cultural meaning is attached 

to these variables?

• What assumptions are embedded into 

these categories?

Connotative

Parental Education Level→ household/education orientation 

stability

Extracurricular Activities → Participation shows ambition, 

determination, perseverance, and well-roundedness

Study Time → The number of hours per week devoted shows 

discipline and a work ethic

Tutoring → Access to additional academic support shows 

resourcefulness, willingness to seek help, and proactive 

learning habits



Conclusion & Impact

• Study time and consistent attendance showed the 

strongest positive relationship with GPA.

• Support systems such as tutoring and parental support 

can improve academic performance.

• Extracurricular activities may contribute to student 

development but do not always directly raise GPA.

• Datasets like this simplify complex student identities 

into measurable variables.

• Data models can reinforce bias if certain 

social factors are weighted unfairly.

• Student identities are more complex than 

numerical variables.

• Predictive systems used in education should 

be transparent and carefully evaluated.

• Future research should examine how digital 

data shapes opportunities for students.

Ethical Implications Key takeaways
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